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Raw Material Analysis
for Iron Ore and Coal
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Automatic Analysis Technique
using Artificial Intelligence
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Chemometrics Analysis

Magnetite(Fe304) in Sintered Iron Ore
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Raw Material Analysis
Mineral Phases in Sintered Iron Ore
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o Sintering Process

Automatic analysis method for phases in sintered iron ore using semantic segmentation

Encoder-Decoder

(I

Deep Learning Network
for Semantic Segmentation *

Input
OM Image

Labeled Image loU Image
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Output
Image by Clustering Analysis

,,,,,,, o Cokemaking Process

Automatic analysis method for macerals in coal using image classification

Ironmaking Process
blast furnace/sintering/cokemaking
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Image Recognition Model
(Inception Network)

Automatic
Classification
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) MathWorks

HYUNDAI STEEL uses pixel-based deep
learning technique for steel material image

ven though | had limited knowledge on

€€ ¢ g g
Image processing and deep leamning, |

HYUNDAI STEEL ~ HYUNDAI MOTOR GROUP H 2¥UHDH| could successfully adopt deep learning

EEL for my project. With evaluation support
from MathWorks, we could prototype
our approach easily with limited time
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 Explore MATLAB for deep learning
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Convolution Layer Deconvolution Layer I

Output

Semantic Image Segmentation using Deep Learning

Labeled Image Predicted Image

Digital automatic analysis method for fracture in DWTT sample
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